a b s t r a c t This article features supplementary data related to the article "How are adult skills configured?" [1]. The tables show the descriptive statistics of the variables included in the model together with the measurement model and the measure of overall model fit. Moreover, the data article describes the procedures used and can be beneficial for the research community for further research on adult skills. For further information please consult linked data.
environment for adults aged between 16 and 65 in 24 countries, mostly OECD members. We employed a Structural Equation Model (SEM) to explore skills configuration for the United States, Japan, Germany, Spain and Denmark. Table 1 provides the information of all the variables included in the model. Table 2 Specifications Value of the Data This article provides additional data and describes the procedure adopted for examining adult skills using PIAAC data These data can be used as an example for comparative analysis of adult skills which employs Structural Equation Models (SEM). Readers can benefit of additional data on adult skills configuration in five OECD countries. These data can be used for further development and research on adult skills. n  3206  2871  2632  2694  2133  Maximum  22  22  22  22  22  Minimum  3  3  3  3  3 Source: PIAAC 2013, Authors' calculations.
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shows the descriptive statistics. Table 3 provides information of the measures of model-fit. Finally, Table 4 details the measurement model.
Experimental design, materials, and methods
To test the hypothesized relationships between the constructs and to evaluate the theoretical model, we used a Structural Equation Model (SEM). This is a broadly flexible set of statistical techniques, which allows the representation of the constructs of interest and the measurement of the extent to which the data are consistent with a proposed theoretical model. Table 1 provides a list of the observed and latent variables included in the model. We have measured the four components of skills acquisition as follows: family background using the father's highest level of educational attainment; education using two items (the highest level of education attainment in years and the age of obtaining the highest education qualification); and the practice of skills in the workplace and in the home using four items. We also controlled for age, for being born outside the test country and for gender. For a matter of clarity, Fig. 1 in Ref. [1] shows the path diagram of the model. Finally, the latent construct of literacy and numeracy comprises ten plausible values. The PIAAC framework evaluate literacy and numeracy using 58 and 56 items, respectively, distributed across three main task characteristics (medium, context and aspect) and differentiated between paper and computer-based questions [4] . As in other standardized international educational assessments, PIAAC uses Item-Response Techniques (IRT) to generate ten plausible values of each domain examined. Table 3 reports the goodness-of-fit measures of the model for numeracy. The estimator selected was the robust weighted least squares (WLSMV), created to deal especially with a combination of ordinal, discrete and continuous data and a small to medium sample size. The estimates were produced using Mplus 7.4. We then scrutinized the modification indices and performed J-Rule using Jrule [5] which implements the method described in Ref. [6] . We performed sensitivity tests including missing data and recoding the zero category of observed indicators in the latent constructs of use of skills into missing data. Bootstrap estimation was performed using 2000 iterations, yielding the same results as the WLSMV estimation.
The model fit indexes were consistent across all countries, with respect to the standard CFI and TLI thresholds (above 0.95). The RMSEA was also below 0.05, pointing to the plausibility of the model. In conclusion, we can reject the null hypothesis of a divergent structure of configuration of skills across the five countries considered. Therefore, following the standard procedure in the SEM literature, our two-step modelling process included i) a measurement model, describing the way observed variables load onto latent constructs, and ii) a structural model, which estimates the pathways among all the variables, including the latent constructs [7] . Table 4 reports the factor loading of each unobserved latent variable. We performed a confirmatory factor analysis (CFA) of the measurement model specifying the established relationships of the observed variables to the latent constructs. A confirmatory factor analysis (CFA) was performed to check for the consistency of each latent variable (measurement model). 
